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ABSTRACT Introduction
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DFG e[| The 2-fold symmetry of the feature The feature sin(8) aligns with the

cos(2y) aligns wit.h the twin interface equator symmetry for upper and lower
plane and easy-axis plane symmetry. hemisphere of the model.

: Training the model and predicting the coercivity with the combination of the two
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with theta and phi only gives 0.0867 T.
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